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Abstract 
In this paper we analyze wage differences among college educated workers who graduated in a 

different field. We focus on Turkey, an emerging country that is characterized by a sustained 

expansion of higher education. As such, this is the first work about the wage differences by field of 

study for developing countries. We first estimate conditional average differences in wages across 

fields using OLS regressions. Second, we decompose the average gaps into the contribution of 

observable characteristics (endowment) and unobservable characteristics (returns). Third, we 

estimate the effect of holding a degree in a given field across the unconditional wage distribution, 

by means of RIF-Regressions. Fourth, we apply decomposition analysis to the RIF, which provides 

the contribution of observable and unobservable factors to the wage gaps by field of study at 

different point of the wage distribution. The analysis of pay disparities by field of study along the 

unconditional wage distribution has never been implemented so far, and thus represents the main 

contribution of this paper to the literature. Our results point out important wage differences by field 

of study, which persist even controlling for an extensive set of covariates. The contribution of 

observable and unobservable factors on average wage gaps is heterogeneous across majors, 

although the distribution of observable covariates (especially occupation) represents the main driver 

for several fields. RIF-Regressions estimate reveal that wage differences across college majors vary 

at different quantiles of the unconditional wage distribution and even change sign for some field. 

The decomposition of wage differentials along the wage distribution shows that the relative 

contribution of observable and unobservable factors might change across the quantiles.   
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1) Introduction 

This paper provides new evidence about wage disparities among individuals who obtained a 

university degree in different fields. Nowadays there is a huge amount of literature documenting the 

general payoff to obtaining a university degree (relative to lower education levels), but also a 

growing number of papers highlighting the existing heterogeneity in the return to tertiary education 

according to the field of study (see Altonji et al, 2012 and Altonji et al, 2015 for recent overviews). 

mailto:atansel@metu.edu.tr
mailto:antonio.dipaolo@ub.edu


2 
 

However, the forces that drive wage gaps by field of study among university graduates have not 

been widely explored so far and the literature focused on this specific issue is still scarce. Indeed, 

analyzing the factors that account for wage differences by degree’s subjects is becoming an 

attractive area of research, since there are several policy-relevant issues that motivate such interest. 

First, relative wage differences across fields of tertiary education are likely to affect the choice of 

university subject (see Montmarquette et al, 2002, Beffy et al, 2012, Long et al, 2015, among 

others). Therefore, providing evidence about earnings gaps across fields and, more importantly, 

about the factors that account for such disparities would be extremely valuable for future university 

students (and their parents) when taking the decisions about college major. Second, the supply of 

graduates from different fields of university education, which in turn depends on field-specific 

expected earnings, constitutes an important input for future workforce’s skill composition (Altonji 

et al, 2015), which represents a fundamental aspect for economic growth and development. Third, 

in a context of sustained expansion of tertiary education, which is occurring in many developed and 

emerging countries, more insight about what determines earnings disparities across different fields 

of study would be useful for academic policies aimed at efficiently allocating economic resources 

across different universities and different academic areas. 

We consider analyze the case of Turkey, a developing country that has been characterized by a 

huge expansion of tertiary education through the last decades. Indeed, during the period 2009-2014, 

the number of male (female) individuals who completed higher education rose from 2,534,434 

(1,786,379) to 3,306,335 (4,140,934), which corresponds to an increase of about 63% (85%) over a 

time span of just five years. Moreover, the Turkish case is especially relevant, since access to 

university is ruled by a rather selective centralized university entrance test, whose results determine 

the final placement of applicants across different degrees and universities (for additional details, see 

Caner and Okten, 2010). Therefore, having a clear picture about the relative monetary rewards of 

holding a degree in different fields would be beneficial for prospective students, when carrying out 

the necessary investment to prepare the university entrance test. More generally, our work 

represents the first contribution about the monetary value attached to different fields of tertiary 

education in developing countries, since (to the best of our knowledge) the existing literature was 

exclusively focused on developed countries.1 

From the empirical point of view, we proceed as follows: first, we run simple OLS regressions 

for (logged) real hourly wages that contain a set of field of study indicators. The wage equations are 

                                                           
1 See Arcidiacono (2004), Hamermesh and Donald (2008), Altonji et al (2012), Altonji et al (2014) and Webber (2014) for the case 

of US, Chevalier (2011) and Walker and Zhu (2011) for the UK, Finnie and Frenette (2003) and Lemieux (2014) for Canada, Hasting 

et al (2013) and Rodríguez et al (2015) for Chile, Ballarino and Bratti (2009) and Buonanno and Pozzoli (2009) for Italy, Kelly et al 

(2010) for Ireland, Livanos and Pouliakas (2011) for Greece, Grave and Goerlitz (2012) for Germany and Kirkebøen et al (2014) for 

Norway. 
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separately estimated for males and females, to allow for different coefficients according to gender. 

The model is initially based on a parsimonious specification that includes only controls for wave, 

current job tenure and potential experience (previous to current employment). Second, we 

progressively augment the wage equation by including additional controls for family characteristics 

(marital status and the number of children), job characteristics (dummies for occupation and sector, 

plus a quadratic function of firm size) and regional fixed effects (dummies for the 26 Turkish 

NUTS2 regions). These estimates reveal whether ceteris paribus differences in wages across fields 

of study are, to a certain extent, mediated by the conditional association between other observed 

characteristics and salary. Third, in order to investigate the factors that account for the row wage 

gaps across college majors, we perform the Oaxaca-Blinder decomposition for average outcomes. 

We focus on males only, since we recognize that the female sample of workers could be strongly 

affected by self-selection into employment, although being composed of all women who achieved 

college education.2 This methodology disentangles the observed average differences in wages into 

the contribution of observable characteristics (endowments or explained component) and the 

corresponding coefficients (prices or unexplained component). A similar decomposition approach 

has been only applied by Grave and Goerlitz (2012), to analyze wage differences by field of study 

among university graduates in Germany. However, no other papers relied on decomposition 

analysis to examine the role of observed and unobserved factors in explaining wage gaps between 

university graduates3, which means that we provide additional evidence about the drivers of average 

wage differences by field of study.   

It should be noted that simple regressions (and the corresponding decomposition) only provide 

evidence at the mean of the wage distribution. We consider, however, that regressions at the mean 

of hourly wages are likely to hide important pay differences across university degrees that might 

occur at different points of the wage distribution. Based on this hypothesis, few existing papers 

analyzed wage differences across the conditional distribution of wages, using classical Quantile 

Regressions (see Hamermesh and Donald, 2008, Kelly et al, 2010, Chevalier, 2011 and Livanos and 

Pouliakas, 2011). In this paper, rather than considering the effect of field of study at different points 

of the conditional distribution of wages, we adopt the Unconditional Quantile Regression (UQR) 

approach proposed by Firpo et al (2009), which provide the wage differential of holding a degree in 

a given field (relative to the one chosen as base category) at the τth quantile of the unconditional 

wage distribution (again focusing on males only). This is indeed an important piece of evidence, 

since policy-makers (but also students and families) are more likely to be interested on effect of 

                                                           
2 We are currently working on solutions for the issue of self-selection into employment. 
3 It seems also worth mentioning that Lemieux (2014) decomposed the wage gap between high school graduates and university 

graduates in a given field, focusing on the role of occupation and its relationship to the field of study.  
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changing the distribution of workers in different college majors on the unconditional distribution of 

wages. This kind of estimates can be achieved through the Recentered Influence Function (RIF) 

Regression, which provides the estimation of Unconditional Quantile Partial Effects of holding a 

degree in a given field. This novel approach has never been applied in the literature on fields of 

study, and thus represents an important contribution of this paper. 

In a subsequent step, we decompose the gaps observed at different points of the unconditional 

wage distribution using the decomposition method based on RIF-Regressions (Firpo et al, 2007). 

On top of having noticeable advantages with respect to the classical Oaxaca-Blinder decomposition 

for mean outcomes (especially for not being path-dependent), the decomposition based on RIF-

Regressions provides the contribution of observable and unobservable factors along the 

unconditional distribution of wages. This evidence is likely to be particularly informative, since the 

relative role of returns and endowments in explaining wage differences across fields is likely to 

depend on the point of the wage distribution at which they are evaluated. As such, our RIF-based 

decomposition analysis of wage gaps by field of study constitutes the last remarkable value-added 

of our work with respect to the existing research. 

Although informative about the contribution of observed and unobserved factors to the wage 

gaps across different disciplines, it seems worth recognizing that our approach remains subject to 

one of the main challenges in the estimation of the wage effect of holding a degree in a given 

subject: the issue of self-selection into different disciplines based on unobservable characteristics. 

There are very few papers on the field that explicitly deal with this issue. The endogeneity of the 

choice of the field of study has been approached by means of structural economic models by 

Arcidiacono (2004) and, more recently, by Kinsler and Pavan (2015). An alternative and promising 

approach is instead based on exploiting discontinuities induced by test-score based university 

admission, which generates some random variation in the choice of institution-subject 

combinations. Variants of this general strategy have been developed by Hastings et al (2013) for the 

case of Chile and by Kirkebøen et al (2014) for Norway. In both countries, university entrance is 

ruled by a centralized admission process and, more importantly, it is possible to link administrative 

information about exam performance, college choice and preferences and future earnings. This 

enables estimating the causal effect of completing the degree in a given subject, net of the effect of 

selection into fields (and into next-best alternatives, Kirkebøen et al, 2014). Unfortunately, albeit 

university entrance in Turkey is managed in a similar way, combining college application data with 

information on post-graduation labor market outcomes is still unfeasible for this country. 

Consequently, we are forced to rely on conditional correlations (as done in the majority of related 

works) and to interpret the unexplained component of wage differentials across field as the 
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composite impact of returns to observable characteristics and selection-on-unobservable. In our 

view, although clearly representing a second-best solution, the results from our approach are still 

informative about the drivers of wage differences by field of study, and will highlight the factors 

that should better investigated in causal terms (when more detailed data will be available).      

  

 

2) Data description 

The empirical analysis is based on repeated cross-section of data from the Turkish Household 

Labor Force Survey (HLFS), covering the period 2009-2014. Although the HLFS database is also 

available for previous years, we collected data only from 2009 since this is the first wave in which 

the questionnaire includes a question about the field of study. There are 20 different categories for 

fields of education (plus one category for military/police career studies4), which are finally grouped 

into 15 categories due to small sample size in some field from the original classification. We select 

only tertiary educated individuals who are regularly employed as wage-earners at the time of the 

survey.5 We retain only individuals employed full-time time, who work no less than 30 hours and 

no more than 72 hours per week. We exclude individuals older than 65 and younger than 23, as well 

as those who are enrolled in education. Migrants and Turkish returning emigrants who returned 

after completing tertiary education are also dropped from the sample. After cleaning for missing 

values in relevant variable and few outliers in hourly wages (at the bottom of the distribution), we 

end up with a pooled sample of about 65000 males and 40000 females. Our dependent variable is 

(logged) hourly wage from the main job, expressed in real terms considering the level of prices of 

2010. The database contains information on monthly wages, which are gross of taxes and include 

extra compensations such as bonus pays and premiums in addition to salary. Hours of work refers to 

the “usual” working week and are converted into a monthly base by applying a factor of 4.3. 

Descriptive statistics for the variables that are used in the empirical analysis6 are reported in Table 

1, as well as by field of Study in Table A1 in the Appendix (only for males).  

 

 

 

                                                           
4 We dropped individuals in this category, since they are mostly in army or police forces and their labor market outcomes are hardly 

comparable with the results of their counterparts in other occupations. 
5 This restriction implies that we aim at obtaining evidence for the workers’ population, which should not be taken as representative 

for the whole population of individuals in the labor force because of self-selection into employment. We recognize this issue, which 

is more likely to be relevant for the female subsample (although we work only with tertiary educated individuals) and for this reason 

the decomposition results and the evidence along the wage distribution are reported only for the males. As commented before, we are 

currently working on possible solutions to employment selectivity. 
6 Notice that also the information about occupation and sector has been recorded into more aggregated categories, in order to avoid 

small or empty cells for certain occupations/sectors. 
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3) Results (preliminary description) 

 

3.1) Average Wage Differentials 

The main results from OLS regressions are reported in Table 2 (for males) and in Table 3 (for 

females); complete results are displayed in Table A2 in the Appendix. Column (1) contains the 

baseline specification, which includes only field of study indicators, wave dummies, current job 

tenure and previous potential experience (both variables enter in a quadratic form). Focusing males, 

the results indicate that ― relative to graduates in business and management (the reference and the 

most numerous category) ― the field of in education is better paid on average (+10.4%), while 

graduates in arts are penalized of about 5% in terms of average hourly wages. Individuals who 

completed a degree in law are among the better paid, since they end up earning 51% more than 

graduates in business and management having the same amount of working experience. The field of 

personal services appears to be one that obtains the lowest remuneration (-11.4% than the reference 

group) and individuals graduated in other subjects within the area of social sciences and services 

receive a higher salary than their counterparts in the field of business and management. Scientific 

degrees are generally better rewarded than the reference field, which is especially true for hard 

sciences and mathematics and statistics (both around +13%), although the wage premium is 

somewhat lower for graduates in computing (+8.7%). Surprisingly, having a degree in field of 

engineering is not associated with higher wages (relative to the business and management) and the 

field of manufacturing is even penalized in terms of hourly pay rate (-8.7%). On the contrary, 

holding a degree in architecture or in agriculture and veterinary yields a better monetary reward 

than business and management (+8% and +6.7% respectively). Finally, graduates in health 

disciplines are clearly the better paid, since they earn up to +58% higher wages than the reference 

group (slightly more than the second better paid field, which is law). 

The results for the female sample provide a relatively slightly different picture, which in general 

suggests that women graduated in business and administration are relatively less paid than their 

counterparts in other field. In fact, females who graduated in the field of education receive a higher 

remuneration of +26%, relative to business and administration, more than the double of the 

premium observed for males. Moreover, among females, degrees in humanities are better paid than 

the reference (+18%). We also obtained a higher return for social sciences (+16.4%) and, 

especially, for scientific fields (+21% for hard sciences and +26.7% for maths and statistics), 

engineering (+32.4%), architecture (+16%), as well as agriculture and veterinary (+16%), but a 

lower return to degrees in health (+37.7%) than for males. On the contrary, female graduates in law 
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obtain roughly the same relative return than for males (+55.4%) and this appear to be the better paid 

field for the subsample of women. 

Accounting for family characteristics (namely marital status and the number of children) has 

virtually no effect on the coefficients associated to different fields of study among males (Column 

(2) of Table 2) and only a very modest impact in the females’ estimates (Column (2) of Table 3), 

which is actually insignificant when taking into account the corresponding standard errors. This 

evidence suggests that family composition does not contribute in explaining wage differences by 

field of study. However, adding job characteristics (i.e. occupation, sector and firm size, Column (3) 

of Tables 2 and 3) compresses wage differentials across fields of study of a substantial amount for 

both males and females, as usually reported in the literature (Altonji et al, 2015, p. 35). The sign 

and the significance of the wage differentials generally remain stable after accounting for job 

characteristics, with some exceptions. For example, male graduates in humanities are slightly better 

rewarded than their counterparts who studies business and management when occupation, sector 

and firm size are kept constant (+1.7%), while the penalization for the field of personal services and 

the premium for mathematics and statistics and agriculture and veterinary disappears. After 

controlling for job characteristics, there emerges a premium for engineering (+4.7%) and the 

remarkable payoff to obtaining a degree in either law or health is significantly reduced (a drop of 

about 40% for the former and 30% for the latter field). Similar evidence is obtained for females, 

with the exception that the sign of the wage gaps are not reverted in any case after keeping job 

characteristics constant, which confirms the relevance of job attributes in generating wage 

differences across college majors. Finally, including fixed effects for nuts2 regions has an 

imperceptible effect on the estimated coefficients of fields of study for both males and females 

unless for the field of agriculture and veterinary, since the corresponding estimate increases 

(especially among males) after controlling for regional dummies. 

Focusing on males, we also computed the OLS wage regression (for the full specification) 

splitting the sample by age groups (23-30, 31-40 and 41-65), which provides a picture about 

changes in relative pay across disciplines at different stages of the career. There are remarkable 

differences over the life-cycle for humanistic disciplines, since the premium associated to the field 

of education and the penalization for degrees in arts decrease for older workers, while the positive 

wage effect of being graduated in humanities (relative to business and management) is mostly 

driven by individuals in the intermediate phase of their career. The wage gap in favor of law 

increases with age and the opposite pattern is observed for social science, engineering and health. 

Older graduates in mathematics and statistics are not better rewarded than their counterparts in 

business and management belonging to the same age group, and individuals holding a degree in 
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computing, manufacturing and architecture improve their relative wage position over the life-cycle 

(with respect to business and management).   

In order to better appreciate the role of observable characteristics and the associated coefficients 

in accounting for the observed gap in average earnings, we report the results from the Oaxaca-

Blinder decomposition applied to the subsample of males. The basic results are displayed in Table 4 

and graphically in Figure 1, while the detailed results that report the contribution of each block of 

variables (and their returns) are shown in Table A4 in the Appendix. It can be appreciated that the 

average wage gap in favor of graduates in education (relative to other disciplines) is entirely 

explained by the endowment of observable characteristics (mostly occupation, as indicated by the 

detailed results), while the lower average wages observed for graduates in arts are similarly 

accounted by the contribution of characteristics and their return (both with negative sign). Wages of 

graduates in humanities are around the overall average and, for this field, the modest contribution of 

observable and unobservable factors operate in opposite directions. The field of business and 

management is less rewarded than others, which is almost equally explained by a less favorable 

endowment of observable characteristics and lower returns. On the contrary, law is an highly paid 

field and the higher average hourly wage is driven by both observable and unobservable 

components. The lower average remuneration of graduates in personal services is almost entirely 

explained by differences in characteristics with respect to their counterparts who studied a different 

field. Observables are also the responsible of the higher average wages of graduates in both social 

sciences and hard sciences. For the field of mathematics and statistics, we observe that the 

distribution of endowments positively affect average hourly wages, but the returns of the 

endowments operate in the opposite direction. Average hourly pay is lower for individuals who 

studies either computing, engineering or manufacturing than for other graduates, and observable 

characteristics seem to account for almost the entire wage gaps observed for these fields. There are 

no significant differences in average wages between degrees in architecture and degrees in other 

fields, and the slightly higher wages are observed for agriculture and veterinary are driven by the 

net effect of a better distribution of characteristics and lower associated returns. Finally, the field of 

health is clearly the better rewarded, due to both observable and (even more) unobservable factors.  

 

3.2) Differences along the Wage Distribution 

 

Selected estimates from RIF-Regressions estimated at different deciles of the unconditional 

wage distribution are displayed in Table 5. Overall, the results highlight substantial heterogeneity in 

wage differentials by field of study along the distribution. Relative to business and management, 



9 
 

graduates in education are better remunerated at the bottom of the unconditional distribution of 

wages, but the effect decreases monotonically with the quantiles and become negative after the 

median. A similar pattern is observed for the field of humanities. On the contrary, the higher 

average reward to having a degree in law that is detected by OLS is mostly operating in the upper 

part of the wage distribution, since for lower deciles there are no significant differences with respect 

to the reference field. Social science degrees yield a payoff relative to business and management 

only at the bottom of the distribution, whereas there are no significant differences above the 

median. Interestingly, the positive wage difference in favor of graduates in hard sciences is higher 

at lower quantiles, but remains significant over the whole distribution. Graduates in mathematics 

and statistics are slightly less rewarded than their counterparts in business and management only in 

the middle of the distribution. Workers with college degrees in computing receive lower wages at 

the left tail of the distribution, but the gap changes sign and gains importance above the median. A 

similar pattern is observed for the field of manufacturing, although the increase at higher deciles is 

less pronounced than for computing. The returns to the field of engineering increase along the 

unconditional wage distribution, while the opposite pattern emerges for architecture; in any case, 

both fields are generally better remunerated than business and management. Wage differences 

between agriculture and veterinary and the reference field appear to follow an inverted U-shaped 

pattern (being negative at the lowest and highest deciles). Finally, the positive wage gap in favor of 

graduates in health markedly increases along the unconditional wage distribution. 

 The results from the decomposition of wage gaps at different deciles of the unconditional wage 

distribution are reported in Table 6 and graphically displayed in Figure 2. Observable and 

unobservable components have a similar weight in explaining wage differences for the field of 

education at different points of the wage distribution and follow the overall decreasing tendency. 

For arts, the estimated coefficients accounts for a more important part of the wage gap at the bottom 

of the distribution, while characteristics matter more at the top; both components mitigate the 

negative wage differential for arts at higher quantiles. The importance of observable and 

unobservable factors is rather similar along the whole wage distribution for humanities, except at 

the left tail where coefficients matter more. In the case of business and management, the negative 

gap is reduced over the quantiles and returns matter somewhat more at the bottom of the 

distribution (while the opposite is true at the top). For the degree of law, returns and endowments 

operate in opposite directions at different points of the wage distribution, since the effect of 

explained factor decreases and the contribution of unexplained elements increases. The negative 

wage gap for personal service is entirely explained by observable characteristics, with the exception 

of the left tail of the wage distribution where the contribution of unexplained factors mitigates the 
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unfavorable distribution of observables. The effect of both characteristics and coefficients decreases 

along the wage distribution for social science, and the contribution of the latter component even 

becomes negative from the median. Wage differentials between hard sciences and other fields are 

mostly explained by the effect of covariates, while the two components operates in opposite 

directions for maths and statistics at the bottom of the distribution and converge to the same weight 

at the top. The distribution of observable characteristics has a negative and dominant contribution to 

the negative wage gap for degrees in computing, engineering and manufacturing especially at the 

left tail of the distribution, while returns have a negative impact at the middle (although more 

moderated for engineering). Observables and unobservables have a different effect in explaining 

wage differentials for architecture, although these differences are too reduced as to take meaningful 

conclusions. For agriculture and veterinary, the inverted U-shaped effect of unexplained 

characteristics is what drives the same patter observed for the overall wage gap, which is indeed 

mitigated by the positive contribution of the distribution of observable covariates. Finally, similarly 

than for the case of law, the positive wage gap in favor of graduates in health disciplines is the 

result of the net effect of the contrasting contribution of characteristics (with a decreasing weight 

along the wage distribution) and coefficients (with an increasing weight at higher quantiles).   

 

 

4) Conclusions 

 

To be written 
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Tables and Figures  

 

Table 1: Descriptive Statistics by Gender 

 
   Note: weighted descriptive statistics 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

mean s.d. mean s.d.

education 0.157 0.363 0.204 0.403

arts 0.016 0.127 0.035 0.183

humanities 0.055 0.229 0.046 0.210

business & management 0.266 0.442 0.263 0.441

law 0.014 0.116 0.017 0.128

personal services 0.020 0.138 0.026 0.159

social sciences and services (others) 0.099 0.298 0.090 0.287

hard sciences 0.042 0.201 0.050 0.218

maths & statistics 0.017 0.129 0.016 0.124

computing 0.018 0.134 0.011 0.103

engineering 0.149 0.356 0.025 0.157

manufacturing 0.018 0.132 0.020 0.139

architecture 0.042 0.201 0.024 0.153

agriculture & veterinary 0.039 0.194 0.036 0.185

health 0.049 0.216 0.138 0.345

real hourly wage 10.80 11.74 9.38 5.63

real monthly earnings 2017.1 2276.0 1696.6 988.1

weekly hours of work 45.02 7.70 43.34 6.26

wave 2009 0.129 0.336 0.132 0.339

wave 2010 0.141 0.348 0.139 0.346

wave 2011 0.160 0.367 0.154 0.361

wave 2012 0.180 0.384 0.180 0.384

wave 2013 0.192 0.394 0.194 0.395

wave 2014 0.197 0.397 0.201 0.401

age 36.59 8.88 33.79 7.74

single 0.253 0.435 0.359 0.480

married 0.731 0.443 0.588 0.492

other marital status 0.016 0.125 0.053 0.224

number of children 1.195 1.068 1.097 0.983

(potential) previous experience 5.355 6.082 4.065 5.105

job tenure 9.504 8.847 8.124 7.840

firm size 155.59 184.60 148.46 179.86

Number of observations

MALES FEMALES

65006 39435
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Table 1 (continued): Descriptive Statistics by Gender 

 
Note: weighted descriptive statistics 

 

 

 

mean s.d. mean s.d.

occupation

legislators, senior officials and managers 0.159 0.366 0.080 0.271

professionals 0.405 0.491 0.502 0.500

technicians and associate professionals 0.153 0.360 0.160 0.367

clerks 0.129 0.335 0.212 0.409

Service workers, shop and market sales 0.095 0.294 0.035 0.183

craft and related workers 0.028 0.164 0.005 0.068

other blue collar occupations 0.031 0.174 0.007 0.085

sector

agriculture, forestry, fishing and mining 0.009 0.097 0.003 0.054

manufacturing 0.138 0.344 0.082 0.275

electricity, gas, steam and air conditioning 0.015 0.121 0.004 0.061

construction 0.032 0.176 0.015 0.121

wholesale and retail trade; repairment 0.079 0.270 0.067 0.249

transportation and storage 0.033 0.178 0.020 0.141

information and communication 0.027 0.161 0.023 0.148

financial, insurance and real estate activities 0.046 0.210 0.078 0.268

professional, scientific and technical activities 0.043 0.202 0.054 0.226

public administration and defence 0.228 0.420 0.119 0.324

education 0.212 0.408 0.301 0.459

human health and social work activities 0.068 0.252 0.179 0.384

other service activities 0.071 0.257 0.055 0.228

nuts2 regions

Istanbul 0.228 0.420 0.287 0.452

Thrace 0.021 0.144 0.021 0.145

Southern Marmara - West 0.021 0.143 0.019 0.138

Izmir 0.068 0.251 0.089 0.284

Southern Aegean 0.032 0.176 0.035 0.185

Northern Aegean 0.034 0.180 0.026 0.160

Eastern Marmara - South 0.054 0.226 0.055 0.228

Eastern Marmara - North 0.051 0.220 0.044 0.206

Ankara 0.121 0.326 0.142 0.349

Central Anatolia - West and South 0.028 0.164 0.019 0.137

Mediterranean region - West 0.036 0.187 0.038 0.191

Mediterranean region - Middle 0.041 0.198 0.041 0.199

Mediterranean region - East 0.026 0.159 0.016 0.125

Central Anatolia - Middle 0.018 0.133 0.014 0.117

Central Anatolia - East 0.030 0.171 0.022 0.148

Western Black Sea - West 0.012 0.109 0.011 0.106

Western Black Sea - Middle and East 0.009 0.094 0.007 0.085

Middle Black Sea 0.031 0.173 0.023 0.150

Eastern Black Sea 0.030 0.170 0.024 0.154

Northeastern Anatolia - West 0.012 0.107 0.007 0.085

Northeastern Anatolia - East 0.008 0.089 0.005 0.073

Eastern Anatolia - West 0.018 0.134 0.012 0.110

Eastern Anatolia - East 0.016 0.124 0.006 0.079

Southeastern Anatolia - West 0.020 0.142 0.014 0.118

Southeastern Anatolia - Middle 0.023 0.149 0.013 0.115

Southeastern Anatolia - East 0.014 0.116 0.006 0.078

Number of observations 65006 39435

MALES FEMALES
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Table 2: Selected OLS Estimates (Males) 

 
Note: robust standard errors in parenthesis, *** significant at 1%, ** significant at 5%, *** 

significant at 10%. Regression in column (1) contains controls for wave, previous potential 

experience (quadratic) and current job tenure (quadratic). Regression in column (2) 

includes dummies for marital status and the number of children as additional controls. 

Regression in column (3) includes dummies for occupation and sector and quadratic firm 

size. Regression in column (4) includes dummies for nuts2 regions. Complete estimates are 

reported in Table A2 in the Appendix. 

 

 

 

 

 

 

 

 

(1) (2) (3) (4)

education 0.104*** 0.095*** 0.029*** 0.036***
(0.005) (0.005) (0.006) (0.006)   

arts -0.049*** -0.053*** -0.035** -0.043***
(0.016) (0.015) (0.014) (0.014)   

humanities -0.008 -0.005 0.017** 0.020***
(0.007) (0.007) (0.007) (0.007)   

business & management

law 0.507*** 0.502*** 0.298*** 0.301***
(0.018) (0.018) (0.014) (0.014)   

personal services -0.114*** -0.108*** -0.001 0.005   
(0.013) (0.013) (0.011) (0.011)   

social sciences and services (others) 0.063*** 0.066*** 0.038*** 0.036***
(0.007) (0.007) (0.006) (0.006)   

hard sciences 0.132*** 0.132*** 0.049*** 0.054***
(0.010) (0.010) (0.009) (0.009)   

maths & statistics 0.127*** 0.115*** -0.002 -0.003   
(0.014) (0.014) (0.014) (0.013)   

computing 0.087*** 0.089*** 0.040** 0.026   
(0.021) (0.021) (0.017) (0.016)   

engineering -0.011 -0.010 0.047*** 0.053***
(0.007) (0.007) (0.006) (0.006)   

manufacturing -0.087*** -0.088*** -0.030** -0.018   
(0.017) (0.016) (0.013) (0.013)   

architecture 0.080*** 0.084*** 0.026*** 0.037***
(0.011) (0.010) (0.009) (0.009)   

agriculture & veterinary 0.067*** 0.067*** 0.004 0.025***
(0.009) (0.009) (0.008) (0.008)   

health 0.578*** 0.572*** 0.396*** 0.399***
(0.010) (0.010) (0.013) (0.013)   

basic controls yes yes yes yes
family characteristics no yes yes yes
job characteristics no no yes yes
nuts2 regions dummies no no no yes
adjusted R-squared 0.267 0.287 0.484 0.500   
number of observations 65006 65006 65006 65006   

reference category
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Table 3: Selected OLS Estimates (Females) 

 
Note: robust standard errors in parenthesis, *** significant at 1%, ** significant at 5%, *** 

significant at 10%. Regression in column (1) contains controls for wave, previous potential 

experience (quadratic) and current job tenure (quadratic). Regression in column (2) 

includes dummies for marital status and the number of children as additional controls. 

Regression in column (3) includes dummies for occupation and sector and quadratic firm 

size. Regression in column (4) includes dummies for nuts2 regions. Complete estimates are 

reported in Table A2 in the Appendix. 

 

 

 

 

 

 

 

 

(1) (2) (3) (4)

education 0.261*** 0.239*** 0.101*** 0.107***
(0.006) (0.006) (0.008) (0.008)   

arts -0.056*** -0.055*** -0.058*** -0.065***
(0.014) (0.014) (0.013) (0.012)   

humanities 0.180*** 0.169*** 0.037*** 0.037***
(0.010) (0.010) (0.011) (0.010)   

business & management

law 0.554*** 0.539*** 0.276*** 0.282***
(0.022) (0.022) (0.020) (0.019)   

personal services -0.060*** -0.066*** -0.018 -0.018   
(0.014) (0.014) (0.013) (0.012)   

social sciences and services (others) 0.164*** 0.160*** 0.065*** 0.060***
(0.010) (0.010) (0.008) (0.008)   

hard sciences 0.210*** 0.200*** 0.073*** 0.074***
(0.011) (0.010) (0.010) (0.010)   

maths & statistics 0.267*** 0.254*** 0.088*** 0.096***
(0.018) (0.018) (0.017) (0.017)   

computing 0.030 0.030 0.018 0.019   
(0.031) (0.031) (0.024) (0.023)   

engineering 0.324*** 0.316*** 0.216*** 0.218***
(0.020) (0.019) (0.016) (0.016)   

manufacturing -0.015 -0.022 -0.008 0.011   
(0.020) (0.019) (0.016) (0.016)   

architecture 0.211*** 0.208*** 0.092*** 0.097***
(0.018) (0.018) (0.015) (0.015)   

agriculture & veterinary 0.159*** 0.156*** 0.067*** 0.085***
(0.011) (0.011) (0.010) (0.010)   

health 0.377*** 0.362*** 0.273*** 0.280***
(0.008) (0.008) (0.010) (0.009)   

basic controls yes yes yes yes
family characteristics no yes yes yes
job characteristics no no yes yes
nuts2 regions dummies no no no yes
adjusted R-squared 0.310 0.333 0.482 0.502   
number of observations 39435 39435 39435 39435   

reference category
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Table 4: Oaxaca-Blinder Decomposition (Males Only) 

 
Note: z-statistics based on robust standard errors. The results are obtained from 

the twofold decomposition, based on the pooled estimation with the 

corresponding field of study dummies. All regressions contain controls for wave, 

previous potential experience (quadratic current job tenure (quadratic), dummies 

for marital status, number of children, dummies for occupation and sector, 

quadratic firm size and dummies for nuts2 regions. Detailed results are reported 

in Table A4 in the Appendix. 
 

 

 

 

 

 

 

 

 

 

 

 

 

 

field of study
%  wage 

difference
explained unexplained

education 0.062 0.066 -0.004
z-stat 15.01 15.56 -0.85

arts -0.180 -0.098 -0.082
z-stat -10.05 -7.38 -6.24

humanities 0.012 0.032 -0.020
z-stat 1.99 6.05 -3.31

business & management -0.108 -0.051 -0.056
z-stat -21.51 -13.40 -14.04

law 0.490 0.225 0.265
z-stat 24.87 19.32 18.93

personal services -0.178 -0.158 -0.020
z-stat -11.50 -13.89 -1.87

social sciences and services (others) 0.059 0.062 -0.002
z-stat 8.74 12.31 -0.43

hard sciences 0.060 0.056 0.004
z-stat 5.59 7.68 0.43

maths & statistics 0.038 0.081 -0.044
z-stat 2.43 8.54 -3.40

computing -0.178 -0.165 -0.014
z-stat -7.92 -11.68 -0.87

engineering -0.180 -0.200 0.021
z-stat -25.61 -39.12 3.83

manufacturing -0.246 -0.196 -0.050
z-stat -12.85 -14.99 -3.90

architecture -0.008 -0.005 -0.003
z-stat -0.71 -0.60 -0.34

agriculture & veterinary 0.025 0.049 -0.025
z-stat 2.45 6.43 -3.32

health 0.597 0.228 0.369
z-stat 59.34 25.06 30.63
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Figure 1: Oaxaca-Blinder Decomposition (Males Only) 
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Table 5: Selected RIF-Regression Estimates (Males Only) 

 
Note: robust standard errors in parenthesis, *** significant at 1%, ** significant at 5%, *** significant at 10%. All 

regressions contain controls for wave, previous potential experience (quadratic current job tenure (quadratic), dummies 

for marital status, number of children, dummies for occupation and sector, quadratic firm size and dummies for nuts2 

regions. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

q1 q2 q3 q4 q5 q6 q7 q8 q9

education 0.193*** 0.231*** 0.123*** 0.056*** 0.010 -0.016** -0.053***-0.099***-0.139***
(0.016) (0.017) (0.010) (0.007) (0.006) (0.006) (0.006) (0.007) (0.012)   

arts 0.003 -0.086** -0.050** -0.011 -0.002 -0.009 -0.021 -0.054***-0.108***
(0.042) (0.043) (0.023) (0.015) (0.013) (0.013) (0.013) (0.015) (0.027)   

humanities 0.236*** 0.285*** 0.104*** -0.002 -0.052***-0.078***-0.087***-0.093***-0.145***
(0.018) (0.021) (0.013) (0.009) (0.008) (0.007) (0.007) (0.008) (0.014)   

business & management

law 0.005 0.053* 0.067*** 0.088*** 0.109*** 0.152*** 0.216*** 0.376*** 1.115***
(0.025) (0.030) (0.019) (0.014) (0.012) (0.012) (0.014) (0.019) (0.054)   

personal services 0.039 0.012 0.006 0.002 -0.003 0.008 0.013 0.010 -0.039** 
(0.036) (0.034) (0.020) (0.013) (0.011) (0.011) (0.011) (0.013) (0.019)   

social sciences and services (others) 0.098*** 0.118*** 0.061*** 0.023*** 0.010* 0.001 -0.009 0.001 0.015   
(0.015) (0.016) (0.010) (0.007) (0.006) (0.006) (0.006) (0.007) (0.014)   

hard sciences 0.112*** 0.083*** 0.028* 0.030*** 0.037*** 0.047*** 0.044*** 0.033*** 0.047** 
(0.022) (0.025) (0.014) (0.009) (0.008) (0.008) (0.009) (0.011) (0.022)   

maths & statistics 0.033 -0.001 -0.053** -0.037** -0.033** -0.024* -0.037***-0.013 0.066** 
(0.032) (0.038) (0.023) (0.016) (0.014) (0.013) (0.013) (0.016) (0.032)   

computing -0.104** -0.101** -0.026 0.023 0.042*** 0.052*** 0.063*** 0.076*** 0.141***
(0.047) (0.045) (0.024) (0.015) (0.012) (0.011) (0.012) (0.016) (0.034)   

engineering 0.012 0.028 0.040*** 0.050*** 0.053*** 0.058*** 0.062*** 0.068*** 0.099***
(0.018) (0.017) (0.010) (0.006) (0.005) (0.005) (0.005) (0.007) (0.013)   

manufacturing -0.144***-0.068* -0.042** 0.010 0.036*** 0.042*** 0.034*** 0.027* 0.003   
(0.043) (0.039) (0.021) (0.013) (0.011) (0.011) (0.012) (0.014) (0.027)   

architecture 0.015 0.073*** 0.048*** 0.056*** 0.052*** 0.051*** 0.050*** 0.030*** 0.002   
(0.024) (0.025) (0.015) (0.010) (0.008) (0.008) (0.009) (0.011) (0.020)   

agriculture & veterinary -0.043** -0.002 0.041*** 0.061*** 0.067*** 0.081*** 0.078*** 0.043*** -0.044** 
(0.022) (0.022) (0.013) (0.009) (0.008) (0.008) (0.009) (0.011) (0.018)   

health 0.103*** 0.204*** 0.192*** 0.179*** 0.193*** 0.235*** 0.291*** 0.460*** 1.160***
(0.021) (0.026) (0.017) (0.011) (0.010) (0.010) (0.011) (0.014) (0.033)   

basic controls yes yes yes yes yes yes yes yes yes
family characteristics yes yes yes yes yes yes yes yes yes
job characteristics yes yes yes yes yes yes yes yes yes
sector dummies yes yes yes yes yes yes yes yes yes
nuts2 regions dummies yes yes yes yes yes yes yes yes yes
R-squared 0.272 0.405 0.413 0.373 0.327 0.298 0.280 0.271 0.251   
number of observations 65006 65006 65006 65006 65006 65006 65006 65006 65006   

reference category
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Table 6: RIF-Regression Decomposition (Males Only) 

 
Note: z-statistics based on robust standard errors. The results are obtained from the twofold 

decomposition (computed at each quantile of the RIF), based on the pooled estimation with the 

corresponding field of study dummies. All regressions contain controls for wave, previous potential 

experience (quadratic current job tenure (quadratic), dummies for marital status, number of children, 

dummies for occupation and sector, quadratic firm size and dummies for nuts2 regions. 

 

 

q1 q2 q3 q4 q5 q6 q7 q8 q9

% wage difference 0.502 0.415 0.235 0.121 0.058 0.017 -0.043 -0.120 -0.285
z-stat 28.61 57.03 44.91 30.49 16.53 5.08 -12.52 -31.92 -48.37

explained 0.297 0.230 0.199 0.135 0.093 0.044 -0.011 -0.062 -0.171
z-stat 25.70 25.09 28.90 28.64 21.80 10.70 -2.66 -13.51 -22.98

unexplained 0.205 0.185 0.036 -0.015 -0.035 -0.027 -0.032 -0.059 -0.113
z-stat 9.96 20.11 5.26 -2.88 -7.23 -5.62 -6.49 -10.99 -13.94

% wage difference -0.121 -0.292 -0.336 -0.248 -0.152 -0.100 -0.087 -0.099 -0.134
z-stat -4.61 -10.03 -10.28 -6.91 -5.61 -5.40 -5.65 -6.38 -5.19

explained -0.167 -0.287 -0.174 -0.105 -0.078 -0.057 -0.047 -0.031 0.001
z-stat -7.27 -9.25 -9.36 -8.82 -8.49 -7.18 -6.10 -3.64 0.07

unexplained 0.046 -0.006 -0.163 -0.143 -0.074 -0.043 -0.040 -0.068 -0.135
z-stat 1.76 -0.20 -6.29 -4.84 -3.25 -2.70 -2.81 -4.57 -5.34

% wage difference 0.423 0.267 0.110 0.037 -0.023 -0.065 -0.101 -0.140 -0.196
z-stat 21.21 25.30 16.21 6.81 -4.63 -13.24 -19.00 -21.09 -19.37

explained 0.106 0.175 0.139 0.084 0.046 0.009 -0.022 -0.052 -0.114
z-stat 10.23 13.65 16.92 15.71 10.63 2.31 -5.77 -12.41 -16.21

unexplained 0.317 0.092 -0.029 -0.047 -0.069 -0.074 -0.079 -0.088 -0.082
z-stat 15.82 6.94 -3.57 -8.10 -13.41 -14.76 -14.45 -12.63 -7.46

% wage difference -0.134 -0.199 -0.155 -0.118 -0.081 -0.067 -0.040 -0.044 -0.108
z-stat -13.62 -16.31 -18.31 -21.64 -17.08 -15.15 -8.81 -9.10 -14.10

explained -0.095 -0.116 -0.077 -0.059 -0.043 -0.027 -0.013 -0.006 -0.027
z-stat -13.56 -13.02 -14.49 -16.58 -14.33 -9.99 -4.78 -2.12 -4.98

unexplained -0.040 -0.082 -0.077 -0.059 -0.038 -0.040 -0.027 -0.038 -0.082
z-stat -3.99 -7.66 -10.93 -12.74 -9.25 -10.08 -6.41 -7.98 -10.08

% wage difference 0.594 0.456 0.347 0.369 0.422 0.514 0.563 0.727 0.666
z-stat 16.03 19.20 12.97 12.98 14.83 22.55 18.13 25.61 53.39

explained 0.332 0.502 0.301 0.191 0.160 0.152 0.158 0.166 0.180
z-stat 17.02 18.57 18.38 17.96 18.75 20.17 20.30 19.58 12.39

unexplained 0.262 -0.047 0.047 0.179 0.262 0.363 0.406 0.561 0.486
z-stat 8.01 -1.89 2.11 7.57 10.67 18.44 14.63 21.41 27.98

% wage difference -0.169 -0.278 -0.219 -0.161 -0.151 -0.126 -0.111 -0.106 -0.182
z-stat -6.47 -7.11 -5.91 -8.15 -9.39 -8.76 -7.42 -7.37 -12.73

explained -0.231 -0.259 -0.182 -0.134 -0.116 -0.105 -0.103 -0.113 -0.180
z-stat -11.70 -9.56 -10.92 -12.68 -13.79 -13.93 -14.02 -14.77 -15.46

unexplained 0.062 -0.019 -0.037 -0.027 -0.035 -0.021 -0.007 0.006 -0.002
z-stat 2.49 -0.60 -1.31 -1.79 -2.71 -1.75 -0.57 0.47 -0.12

% wage difference 0.182 0.184 0.079 0.038 0.018 0.013 0.021 0.031 0.012
z-stat 8.80 14.31 10.33 5.90 3.02 2.15 3.19 4.14 0.94

explained 0.094 0.139 0.067 0.036 0.030 0.033 0.044 0.050 0.057
z-stat 11.37 12.71 9.68 7.97 8.25 9.64 12.76 13.09 8.51

unexplained 0.088 0.045 0.012 0.002 -0.012 -0.020 -0.023 -0.019 -0.045
z-stat 4.64 3.91 1.72 0.29 -2.33 -3.97 -3.95 -2.89 -3.65

business & management

law

personal services

social sciences and services (others)

education

arts

humanities
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Table 6 (continued): RIF-Regression Decomposition (Males Only) 

 

q1 q2 q3 q4 q5 q6 q7 q8 q9

% wage difference 0.073 0.052 0.045 0.060 0.066 0.081 0.066 0.056 0.064
z-stat 3.19 2.26 2.61 4.94 6.82 9.36 7.69 5.24 2.95

explained 0.056 0.069 0.061 0.053 0.048 0.045 0.043 0.049 0.088
z-stat 4.62 4.03 5.81 7.88 9.20 10.03 9.46 9.51 9.52

unexplained 0.017 -0.017 -0.016 0.008 0.018 0.036 0.023 0.006 -0.024
z-stat 0.83 -0.88 -1.12 0.76 2.24 4.76 3.04 0.67 -1.18

% wage difference 0.147 0.125 0.050 0.038 0.007 0.012 -0.007 -0.020 0.046
z-stat 2.77 4.13 2.35 2.43 0.55 1.05 -0.55 -1.19 1.20

explained 0.181 0.265 0.182 0.114 0.076 0.048 0.017 -0.015 -0.052
z-stat 11.99 12.76 14.09 13.56 11.35 7.65 2.48 -1.92 -3.70

unexplained -0.034 -0.140 -0.132 -0.076 -0.069 -0.035 -0.023 -0.005 0.098
z-stat -0.69 -5.01 -6.81 -5.44 -5.83 -3.39 -2.16 -0.31 2.79

% wage difference -0.245 -0.429 -0.478 -0.370 -0.261 -0.145 -0.021 0.024 0.150
z-stat -10.11 -16.22 -15.44 -10.19 -6.91 -4.73 -0.77 0.96 3.62

explained -0.303 -0.499 -0.303 -0.186 -0.126 -0.088 -0.059 -0.024 0.022
z-stat -12.86 -16.61 -17.59 -15.97 -12.94 -9.71 -6.48 -2.36 1.23

unexplained 0.058 0.070 -0.174 -0.184 -0.135 -0.057 0.038 0.048 0.128
z-stat 2.19 2.46 -6.91 -6.04 -4.14 -2.20 1.70 2.22 3.40

% wage difference -0.243 -0.442 -0.436 -0.327 -0.197 -0.100 -0.037 0.003 0.017
z-stat -24.13 -40.37 -40.02 -26.44 -19.40 -12.34 -4.93 0.37 1.53

explained -0.368 -0.484 -0.290 -0.242 -0.187 -0.129 -0.091 -0.057 -0.043
z-stat -32.15 -44.64 -45.37 -42.34 -39.88 -33.18 -24.53 -14.63 -6.56

unexplained 0.125 0.042 -0.145 -0.086 -0.010 0.029 0.054 0.060 0.061
z-stat 9.15 3.64 -16.46 -8.50 -1.17 3.97 7.88 8.43 5.24

% wage difference -0.294 -0.473 -0.504 -0.369 -0.275 -0.144 -0.081 -0.058 -0.085
z-stat -15.23 -17.43 -12.99 -9.95 -10.04 -4.80 -4.30 -3.44 -3.54

explained -0.355 -0.552 -0.324 -0.196 -0.138 -0.105 -0.075 -0.053 -0.046
z-stat -15.58 -18.42 -18.63 -17.19 -15.36 -12.91 -9.42 -6.28 -3.38

unexplained 0.061 0.079 -0.180 -0.173 -0.137 -0.039 -0.006 -0.005 -0.039
z-stat 2.59 2.87 -5.81 -5.73 -6.18 -1.53 -0.37 -0.32 -1.68

% wage difference -0.027 -0.031 -0.043 -0.007 0.013 0.033 0.060 0.030 -0.003
z-stat -1.25 -1.19 -2.32 -0.52 1.11 3.28 6.64 3.10 -0.19

explained 0.000 -0.052 -0.056 -0.031 -0.018 0.000 0.018 0.036 0.047
z-stat 0.03 -2.64 -4.82 -4.28 -3.14 0.09 3.45 6.24 4.64

unexplained -0.028 0.020 0.013 0.024 0.031 0.032 0.042 -0.006 -0.049
z-stat -1.32 0.90 0.84 2.20 3.16 3.71 5.20 -0.68 -3.22

% wage difference -0.032 0.055 0.072 0.068 0.080 0.089 0.075 0.056 -0.048
z-stat -1.33 1.91 4.47 5.74 8.70 11.48 10.27 6.70 -4.82

explained 0.062 0.109 0.056 0.034 0.031 0.033 0.039 0.050 0.057
z-stat 4.78 5.96 5.14 5.00 5.71 6.98 8.33 9.60 6.62

unexplained -0.094 -0.054 0.016 0.034 0.049 0.056 0.037 0.006 -0.106
z-stat -4.51 -2.42 1.30 3.50 6.33 8.22 5.42 0.77 -8.76

% wage difference 0.761 0.561 0.415 0.429 0.492 0.576 0.691 0.747 0.803
z-stat 49.08 49.84 39.45 28.86 31.27 37.65 53.92 60.17 59.47

explained 0.339 0.438 0.302 0.240 0.210 0.172 0.127 0.106 0.120
z-stat 18.45 20.27 20.48 21.32 20.78 18.52 15.19 12.76 10.92

unexplained 0.423 0.123 0.113 0.189 0.282 0.404 0.564 0.641 0.683
z-stat 18.39 5.39 6.69 10.93 16.50 24.92 41.12 48.56 43.30

health

maths & statistics

computing

engineering

manufacturing

architecture

agriculture & veterinary

hard sciences
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Note: z-statistics based on robust standard errors. The results are obtained from the twofold 

decomposition (computed at each quantile of the RIF), based on the pooled estimation with the 

corresponding field of study dummies. All regressions contain controls for wave, previous potential 

experience (quadratic current job tenure (quadratic), dummies for marital status, number of children, 

dummies for occupation and sector, quadratic firm size and dummies for nuts2 regions. 

 

Figure 2: RIF-Regression Decomposition (Males Only) 
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Appendix 

Table A1: Descriptive Statistics by Field of Study (Males Only) 

 
Note: weighted descriptive statistics 

 

mean s.d. mean s.d. mean s.d. mean s.d. mean s.d. mean s.d. mean s.d.

real hourly wage 10.11 3.28 8.83 4.89 9.80 3.82 9.99 7.17 17.37 9.68 8.71 4.76 11.40 8.43

real monthly earnings 1801.5 570.6 1694.1 890.0 1788.1 650.5 1895.9 1306.4 3100.1 1681.6 1721.4 883.3 2116.4 1569.2

weekly hours of work 42.17 5.79 46.27 8.07 43.54 6.97 46.03 8.26 42.27 5.78 47.99 8.89 44.56 7.48

wave 2009 0.153 0.360 0.159 0.366 0.136 0.342 0.109 0.312 0.123 0.328 0.141 0.348 0.147 0.354

wave 2010 0.149 0.356 0.160 0.367 0.156 0.362 0.134 0.341 0.125 0.331 0.168 0.374 0.138 0.345

wave 2011 0.170 0.375 0.149 0.356 0.159 0.366 0.156 0.362 0.175 0.380 0.161 0.368 0.156 0.363

wave 2012 0.175 0.380 0.160 0.367 0.175 0.380 0.186 0.389 0.221 0.415 0.165 0.371 0.171 0.377

wave 2013 0.179 0.384 0.202 0.402 0.185 0.388 0.210 0.407 0.213 0.410 0.167 0.373 0.175 0.380

wave 2014 0.174 0.379 0.170 0.376 0.190 0.392 0.206 0.404 0.143 0.350 0.198 0.398 0.213 0.410

age 37.38 9.53 35.46 8.71 39.63 8.70 35.58 8.18 38.38 9.84 37.10 8.06 38.64 8.71

single 0.207 0.405 0.341 0.474 0.122 0.327 0.266 0.442 0.234 0.423 0.254 0.436 0.223 0.416

married 0.777 0.417 0.628 0.484 0.865 0.341 0.717 0.450 0.757 0.429 0.731 0.444 0.761 0.427

other marital status 0.016 0.127 0.030 0.172 0.013 0.112 0.016 0.127 0.010 0.097 0.015 0.121 0.016 0.126

number of children 1.146 1.123 1.027 1.007 1.433 1.222 1.214 1.033 1.115 1.054 1.245 1.033 1.226 1.053

(potential) previous experience 4.142 5.892 6.247 5.838 4.884 6.005 5.009 5.673 5.663 6.451 5.940 6.036 5.749 6.382

job tenure 11.485 9.756 7.322 8.134 13.122 9.348 8.977 8.240 10.833 9.059 9.424 9.064 11.313 9.301

firm size 85.93 114.77 158.51 185.20 84.71 138.88 161.43 186.82 210.81 219.07 147.26 172.14 160.23 190.98

occupation

legislators, senior officials and managers 0.191 0.393 0.131 0.338 0.158 0.365 0.174 0.379 0.096 0.295 0.162 0.369 0.228 0.420

professionals 0.667 0.471 0.388 0.487 0.669 0.471 0.200 0.400 0.727 0.446 0.083 0.276 0.260 0.439

technicians and associate professionals 0.052 0.221 0.227 0.419 0.059 0.235 0.161 0.367 0.053 0.223 0.158 0.365 0.147 0.355

clerks 0.027 0.162 0.079 0.270 0.055 0.229 0.251 0.434 0.049 0.216 0.213 0.409 0.210 0.407

Service workers, shop and market sales 0.047 0.212 0.084 0.277 0.042 0.200 0.169 0.375 0.069 0.254 0.323 0.468 0.130 0.336

craft and related workers 0.007 0.085 0.036 0.187 0.003 0.051 0.015 0.121 0.002 0.045 0.016 0.124 0.009 0.095

other blue collar occupations 0.008 0.090 0.055 0.229 0.014 0.118 0.030 0.171 0.004 0.061 0.045 0.207 0.016 0.124

sector

agriculture, forestry, fishing and mining 0.001 0.034 0.009 0.094 0.007 0.084 0.003 0.052 0.004 0.067 0.005 0.070

manufacturing 0.036 0.187 0.222 0.416 0.028 0.164 0.123 0.328 0.015 0.122 0.065 0.246 0.088 0.283

electricity, gas, steam and air conditioning 0.003 0.056 0.004 0.066 0.001 0.031 0.014 0.118 0.027 0.161 0.007 0.081 0.011 0.106

construction 0.007 0.082 0.029 0.169 0.004 0.066 0.024 0.153 0.005 0.070 0.011 0.105 0.016 0.127

wholesale and retail trade; repairment 0.022 0.146 0.069 0.253 0.024 0.154 0.115 0.319 0.017 0.128 0.120 0.325 0.089 0.284

transportation and storage 0.009 0.094 0.023 0.149 0.009 0.094 0.051 0.220 0.014 0.118 0.072 0.258 0.050 0.219

information and communication 0.005 0.071 0.111 0.314 0.010 0.099 0.022 0.148 0.012 0.109 0.009 0.095 0.024 0.153

financial, insurance and real estate activities 0.006 0.075 0.016 0.126 0.014 0.118 0.089 0.285 0.029 0.167 0.032 0.176 0.110 0.312

professional, scientific and technical activities 0.007 0.082 0.089 0.285 0.008 0.088 0.056 0.230 0.192 0.394 0.022 0.148 0.043 0.204

public administration and defence 0.090 0.287 0.116 0.320 0.138 0.345 0.346 0.476 0.647 0.478 0.313 0.464 0.348 0.477

education 0.771 0.420 0.192 0.394 0.424 0.494 0.045 0.208 0.024 0.152 0.066 0.248 0.090 0.286

human health and social work activities 0.018 0.134 0.013 0.112 0.006 0.078 0.039 0.193 0.004 0.063 0.007 0.085 0.038 0.191

other service activities 0.024 0.153 0.107 0.309 0.333 0.472 0.068 0.251 0.013 0.114 0.272 0.445 0.088 0.283

nuts2 regions

Istanbul 0.139 0.346 0.354 0.478 0.174 0.379 0.267 0.443 0.253 0.435 0.236 0.425 0.271 0.444

Thrace 0.022 0.145 0.036 0.185 0.012 0.107 0.021 0.144 0.019 0.136 0.015 0.123 0.018 0.132

Southern Marmara - West 0.020 0.141 0.020 0.139 0.027 0.161 0.020 0.140 0.014 0.119 0.022 0.147 0.019 0.136

Izmir 0.047 0.211 0.087 0.282 0.035 0.183 0.076 0.265 0.045 0.208 0.089 0.286 0.070 0.256

Southern Aegean 0.038 0.191 0.016 0.126 0.029 0.167 0.033 0.178 0.056 0.230 0.042 0.200 0.035 0.183

Northern Aegean 0.053 0.224 0.033 0.180 0.037 0.190 0.026 0.160 0.020 0.141 0.027 0.161 0.030 0.172

Eastern Marmara - South 0.049 0.217 0.044 0.206 0.039 0.194 0.053 0.224 0.032 0.177 0.073 0.260 0.046 0.210

Eastern Marmara - North 0.048 0.213 0.017 0.130 0.048 0.213 0.045 0.208 0.022 0.148 0.032 0.176 0.039 0.194

Ankara 0.051 0.221 0.152 0.359 0.069 0.254 0.137 0.344 0.236 0.425 0.113 0.316 0.152 0.359

Central Anatolia - West and South 0.035 0.184 0.019 0.136 0.041 0.198 0.024 0.154 0.031 0.174 0.027 0.163 0.027 0.162

Mediterranean region - West 0.042 0.200 0.026 0.160 0.036 0.185 0.034 0.182 0.032 0.176 0.095 0.293 0.032 0.177

Mediterranean region - Middle 0.049 0.216 0.023 0.150 0.043 0.203 0.038 0.192 0.040 0.196 0.040 0.196 0.035 0.185

Mediterranean region - East 0.038 0.192 0.036 0.186 0.021 0.143 0.020 0.141 0.026 0.159 0.023 0.149 0.019 0.138

Central Anatolia - Middle 0.025 0.155 0.007 0.081 0.023 0.150 0.016 0.127 0.035 0.183 0.018 0.132 0.014 0.118

Central Anatolia - East 0.047 0.211 0.011 0.106 0.038 0.191 0.028 0.166 0.017 0.128 0.018 0.132 0.022 0.146

Western Black Sea - West 0.013 0.111 0.007 0.081 0.026 0.159 0.010 0.098 0.007 0.084 0.007 0.081 0.012 0.111

Western Black Sea - Middle and East 0.013 0.114 0.004 0.066 0.023 0.150 0.008 0.087 0.005 0.072 0.006 0.080 0.011 0.105

Middle Black Sea 0.039 0.193 0.023 0.150 0.059 0.235 0.026 0.160 0.027 0.164 0.027 0.161 0.032 0.175

Eastern Black Sea 0.038 0.192 0.021 0.144 0.062 0.241 0.025 0.156 0.025 0.156 0.025 0.158 0.027 0.163

Northeastern Anatolia - West 0.018 0.133 0.008 0.087 0.020 0.141 0.010 0.100 0.004 0.060 0.004 0.067 0.009 0.094

Northeastern Anatolia - East 0.016 0.124 0.004 0.062 0.011 0.104 0.008 0.088 0.002 0.048 0.003 0.058 0.005 0.072

Eastern Anatolia - West 0.022 0.148 0.005 0.068 0.023 0.149 0.017 0.128 0.012 0.108 0.017 0.128 0.016 0.124

Eastern Anatolia - East 0.026 0.158 0.013 0.115 0.021 0.145 0.012 0.108 0.004 0.064 0.006 0.080 0.010 0.098

Southeastern Anatolia - West 0.038 0.191 0.019 0.136 0.034 0.182 0.017 0.128 0.014 0.117 0.015 0.121 0.018 0.134

Southeastern Anatolia - Middle 0.048 0.215 0.012 0.110 0.032 0.175 0.017 0.131 0.013 0.115 0.015 0.121 0.017 0.130

Southeastern Anatolia - East 0.027 0.161 0.004 0.061 0.019 0.137 0.010 0.100 0.006 0.079 0.005 0.070 0.012 0.110

Number of observations 11116 948 3978 16585 888 1245 6269

Field of Study
personal 

services
education arts humanities

social 

sciences and 

services 

(others)

business & 

management
law
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Table A1 (continued): Descriptive Statistics by Field of Study (Males Only) 

 
Note: weighted descriptive statistics 

 

 

 

 

 

 

mean s.d. mean s.d. mean s.d. mean s.d. mean s.d. mean s.d. mean s.d. mean s.d.

real hourly wage 11.08 6.74 10.98 6.60 10.61 8.77 10.00 7.89 8.94 6.82 10.92 6.70 10.38 4.97 20.08 42.90

real monthly earnings 2050.6 1188.9 2012.5 1147.7 1991.7 1550.9 1919.0 1425.9 1743.6 1191.4 2097.8 1227.3 1923.8 877.5 3732.7 8590.9

weekly hours of work 44.44 6.93 44.09 7.22 45.93 7.61 46.67 7.58 48.01 8.31 46.34 8.41 44.87 8.18 43.64 7.13

wave 2009 0.109 0.312 0.130 0.336 0.112 0.316 0.116 0.320 0.128 0.334 0.156 0.363 0.138 0.345 0.142 0.349

wave 2010 0.134 0.341 0.138 0.346 0.119 0.324 0.133 0.340 0.156 0.363 0.147 0.354 0.162 0.368 0.149 0.356

wave 2011 0.172 0.377 0.161 0.367 0.148 0.355 0.163 0.369 0.134 0.341 0.153 0.360 0.169 0.374 0.164 0.370

wave 2012 0.192 0.394 0.179 0.384 0.202 0.401 0.175 0.380 0.172 0.378 0.172 0.378 0.184 0.388 0.191 0.393

wave 2013 0.206 0.404 0.195 0.396 0.236 0.425 0.194 0.396 0.182 0.386 0.173 0.378 0.185 0.388 0.179 0.383

wave 2014 0.188 0.391 0.197 0.398 0.184 0.387 0.219 0.414 0.227 0.419 0.200 0.400 0.162 0.369 0.175 0.380

age 36.88 9.06 36.90 9.24 30.43 5.71 34.26 8.31 34.62 8.75 37.74 9.33 37.64 8.33 39.51 9.55

single 0.293 0.455 0.276 0.447 0.481 0.500 0.324 0.468 0.311 0.463 0.250 0.433 0.197 0.398 0.188 0.391

married 0.690 0.463 0.718 0.450 0.504 0.500 0.663 0.473 0.676 0.468 0.733 0.443 0.789 0.408 0.787 0.409

other marital status 0.017 0.131 0.005 0.072 0.014 0.119 0.013 0.115 0.013 0.113 0.017 0.130 0.014 0.116 0.024 0.155

number of children 1.163 1.070 1.021 0.980 1.014 1.026 1.152 1.031 1.179 1.044 1.249 1.088 1.302 1.029 1.140 1.063

(potential) previous experience 6.160 6.023 5.771 6.447 4.460 4.397 5.678 6.024 5.976 5.823 7.571 7.358 6.134 5.817 5.998 6.908

job tenure 8.792 8.674 9.229 9.047 4.130 4.851 6.713 7.140 6.756 7.611 8.292 8.808 9.836 8.616 11.680 9.487

firm size 172.76 192.46 131.44 164.33 183.08 199.51 205.48 204.92 167.17 186.62 166.13 187.61 140.78 169.54 234.10 214.08

occupation

legislators, senior officials and managers 0.184 0.388 0.146 0.353 0.098 0.298 0.115 0.319 0.163 0.370 0.134 0.340 0.138 0.345 0.044 0.206

professionals 0.528 0.499 0.664 0.472 0.490 0.500 0.299 0.458 0.321 0.467 0.426 0.495 0.467 0.499 0.773 0.419

technicians and associate professionals 0.124 0.329 0.064 0.245 0.114 0.319 0.259 0.438 0.162 0.369 0.288 0.453 0.185 0.388 0.156 0.363

clerks 0.070 0.255 0.085 0.280 0.141 0.348 0.077 0.267 0.107 0.309 0.076 0.265 0.089 0.284 0.016 0.124

Service workers, shop and market sales 0.067 0.249 0.036 0.187 0.068 0.252 0.054 0.226 0.099 0.298 0.035 0.183 0.081 0.273 0.005 0.073

craft and related workers 0.011 0.103 0.001 0.027 0.047 0.211 0.112 0.316 0.073 0.259 0.018 0.133 0.012 0.110 0.001 0.032

other blue collar occupations 0.017 0.128 0.003 0.058 0.042 0.200 0.084 0.277 0.075 0.264 0.024 0.154 0.028 0.164 0.004 0.064

sector

agriculture, forestry, fishing and mining 0.015 0.123 0.006 0.074 0.004 0.059 0.011 0.104 0.094 0.292 0.011 0.103 0.050 0.218 0.001 0.037

manufacturing 0.164 0.371 0.031 0.174 0.210 0.408 0.389 0.488 0.371 0.483 0.081 0.272 0.103 0.303 0.015 0.121

electricity, gas, steam and air conditioning 0.015 0.122 0.001 0.028 0.017 0.128 0.045 0.208 0.010 0.099 0.019 0.136 0.005 0.073 0.003 0.055

construction 0.029 0.167 0.007 0.081 0.021 0.143 0.057 0.232 0.033 0.180 0.254 0.436 0.012 0.108 0.001 0.030

wholesale and retail trade; repairment 0.091 0.287 0.051 0.220 0.116 0.320 0.097 0.296 0.131 0.338 0.050 0.217 0.120 0.325 0.013 0.112

transportation and storage 0.019 0.138 0.015 0.123 0.031 0.172 0.046 0.210 0.015 0.120 0.022 0.145 0.013 0.113 0.003 0.058

information and communication 0.019 0.137 0.050 0.219 0.236 0.425 0.053 0.224 0.006 0.079 0.010 0.100 0.007 0.085 0.003 0.053

financial, insurance and real estate activities 0.026 0.159 0.081 0.273 0.031 0.175 0.015 0.122 0.018 0.133 0.035 0.183 0.044 0.204 0.001 0.032

professional, scientific and technical activities 0.049 0.216 0.021 0.144 0.035 0.184 0.046 0.209 0.042 0.200 0.117 0.321 0.040 0.196 0.006 0.077

public administration and defence 0.162 0.368 0.136 0.343 0.121 0.327 0.120 0.325 0.114 0.318 0.313 0.464 0.401 0.490 0.072 0.258

education 0.313 0.464 0.572 0.495 0.060 0.237 0.059 0.236 0.076 0.265 0.048 0.213 0.096 0.295 0.036 0.185

human health and social work activities 0.060 0.238 0.014 0.119 0.033 0.178 0.017 0.128 0.027 0.162 0.008 0.087 0.059 0.236 0.842 0.365

other service activities 0.037 0.189 0.014 0.116 0.086 0.280 0.045 0.207 0.063 0.244 0.035 0.183 0.050 0.218 0.004 0.066

nuts2 regions

Istanbul 0.237 0.426 0.236 0.425 0.430 0.495 0.252 0.434 0.220 0.415 0.246 0.431 0.084 0.278 0.169 0.375

Thrace 0.023 0.150 0.014 0.119 0.017 0.128 0.026 0.158 0.034 0.180 0.013 0.112 0.026 0.160 0.022 0.146

Southern Marmara - West 0.015 0.123 0.018 0.134 0.014 0.118 0.021 0.144 0.028 0.166 0.017 0.131 0.038 0.190 0.020 0.139

Izmir 0.061 0.240 0.061 0.240 0.063 0.243 0.073 0.259 0.101 0.301 0.062 0.241 0.081 0.273 0.087 0.282

Southern Aegean 0.036 0.187 0.037 0.188 0.012 0.111 0.022 0.148 0.034 0.182 0.030 0.172 0.039 0.193 0.032 0.176

Northern Aegean 0.028 0.166 0.036 0.185 0.018 0.134 0.028 0.164 0.090 0.286 0.019 0.135 0.046 0.210 0.030 0.171

Eastern Marmara - South 0.042 0.201 0.049 0.216 0.030 0.171 0.089 0.284 0.062 0.241 0.041 0.198 0.038 0.191 0.046 0.209

Eastern Marmara - North 0.039 0.194 0.032 0.176 0.048 0.215 0.096 0.294 0.055 0.228 0.033 0.178 0.053 0.224 0.042 0.202

Ankara 0.177 0.382 0.137 0.344 0.132 0.339 0.126 0.331 0.087 0.282 0.168 0.374 0.098 0.298 0.136 0.342

Central Anatolia - West and South 0.029 0.167 0.018 0.132 0.011 0.103 0.020 0.140 0.028 0.166 0.025 0.157 0.040 0.195 0.034 0.181

Mediterranean region - West 0.036 0.186 0.039 0.194 0.034 0.181 0.022 0.147 0.030 0.172 0.041 0.198 0.065 0.247 0.036 0.185

Mediterranean region - Middle 0.039 0.195 0.055 0.228 0.032 0.177 0.036 0.186 0.027 0.163 0.033 0.178 0.060 0.237 0.054 0.226

Mediterranean region - East 0.019 0.137 0.051 0.220 0.014 0.118 0.023 0.151 0.018 0.135 0.031 0.174 0.038 0.190 0.030 0.171

Central Anatolia - Middle 0.019 0.137 0.015 0.123 0.010 0.099 0.015 0.123 0.013 0.115 0.014 0.119 0.029 0.167 0.016 0.126

Central Anatolia - East 0.039 0.193 0.018 0.133 0.020 0.140 0.026 0.159 0.032 0.175 0.032 0.177 0.033 0.178 0.016 0.127

Western Black Sea - West 0.009 0.097 0.011 0.106 0.008 0.088 0.014 0.117 0.027 0.163 0.011 0.105 0.006 0.076 0.010 0.099

Western Black Sea - Middle and East 0.005 0.072 0.007 0.083 0.005 0.070 0.004 0.064 0.002 0.045 0.008 0.090 0.010 0.101 0.008 0.088

Middle Black Sea 0.022 0.145 0.030 0.171 0.033 0.177 0.018 0.132 0.023 0.149 0.031 0.173 0.052 0.221 0.035 0.183

Eastern Black Sea 0.029 0.169 0.011 0.103 0.014 0.119 0.017 0.131 0.015 0.122 0.035 0.183 0.047 0.211 0.038 0.190

Northeastern Anatolia - West 0.007 0.086 0.007 0.081 0.003 0.050 0.011 0.103 0.004 0.064 0.015 0.123 0.013 0.112 0.010 0.101

Northeastern Anatolia - East 0.004 0.065 0.009 0.097 0.003 0.054 0.005 0.068 0.009 0.097 0.003 0.056 0.014 0.117 0.005 0.072

Eastern Anatolia - West 0.015 0.122 0.034 0.182 0.008 0.090 0.013 0.115 0.015 0.120 0.021 0.142 0.021 0.145 0.031 0.173

Eastern Anatolia - East 0.013 0.114 0.025 0.156 0.015 0.120 0.011 0.104 0.006 0.079 0.021 0.142 0.016 0.127 0.028 0.165

Southeastern Anatolia - West 0.026 0.158 0.021 0.144 0.009 0.097 0.009 0.092 0.022 0.147 0.015 0.123 0.022 0.146 0.018 0.132

Southeastern Anatolia - Middle 0.014 0.119 0.016 0.124 0.013 0.114 0.012 0.111 0.015 0.123 0.019 0.137 0.026 0.159 0.030 0.172

Southeastern Anatolia - East 0.013 0.114 0.012 0.109 0.004 0.062 0.012 0.107 0.002 0.040 0.014 0.119 0.006 0.079 0.018 0.135

Number of observations 2720 1052 953 9149 1113 2696 2877 3417

Field of Study architecture
agriculture & 

veterinary
healthhard sciences

maths & 

statistics
computing engineering manufacturing



24 
 

Table A2: Complete OLS Estimates 

 
Note: robust standard errors in parenthesis, *** significant at 1%, ** significant at 5%, *** significant at 10%. 

 

 

 

 

 

 

(1) (2) (3) (4) (1) (2) (3) (4)

constant 1.621*** 1.645*** 1.968*** 2.124*** 1.431*** 1.507*** 1.903*** 2.037***
(0.008) (0.008) (0.009) (0.010)   (0.009) (0.010) (0.012) (0.012)   

education 0.104*** 0.095*** 0.029*** 0.036*** 0.261*** 0.239*** 0.101*** 0.107***
(0.005) (0.005) (0.006) (0.006)   (0.006) (0.006) (0.008) (0.008)   

arts -0.049*** -0.053*** -0.035** -0.043*** -0.056*** -0.055*** -0.058*** -0.065***
(0.016) (0.015) (0.014) (0.014)   (0.014) (0.014) (0.013) (0.012)   

humanities -0.008 -0.005 0.017** 0.020*** 0.180*** 0.169*** 0.037*** 0.037***
(0.007) (0.007) (0.007) (0.007)   (0.010) (0.010) (0.011) (0.010)   

business & management

law 0.507*** 0.502*** 0.298*** 0.301*** 0.554*** 0.539*** 0.276*** 0.282***
(0.018) (0.018) (0.014) (0.014)   (0.022) (0.022) (0.020) (0.019)   

personal services -0.114*** -0.108*** -0.001 0.005   -0.060*** -0.066*** -0.018 -0.018   
(0.013) (0.013) (0.011) (0.011)   (0.014) (0.014) (0.013) (0.012)   

social sciences and services (others) 0.063*** 0.066*** 0.038*** 0.036*** 0.164*** 0.160*** 0.065*** 0.060***
(0.007) (0.007) (0.006) (0.006)   (0.010) (0.010) (0.008) (0.008)   

hard sciences 0.132*** 0.132*** 0.049*** 0.054*** 0.210*** 0.200*** 0.073*** 0.074***
(0.010) (0.010) (0.009) (0.009)   (0.011) (0.010) (0.010) (0.010)   

maths & statistics 0.127*** 0.115*** -0.002 -0.003   0.267*** 0.254*** 0.088*** 0.096***
(0.014) (0.014) (0.014) (0.013)   (0.018) (0.018) (0.017) (0.017)   

computing 0.087*** 0.089*** 0.040** 0.026   0.030 0.030 0.018 0.019   
(0.021) (0.021) (0.017) (0.016)   (0.031) (0.031) (0.024) (0.023)   

engineering -0.011 -0.010 0.047*** 0.053*** 0.324*** 0.316*** 0.216*** 0.218***
(0.007) (0.007) (0.006) (0.006)   (0.020) (0.019) (0.016) (0.016)   

manufacturing -0.087*** -0.088*** -0.030** -0.018   -0.015 -0.022 -0.008 0.011   
(0.017) (0.016) (0.013) (0.013)   (0.020) (0.019) (0.016) (0.016)   

architecture 0.080*** 0.084*** 0.026*** 0.037*** 0.211*** 0.208*** 0.092*** 0.097***
(0.011) (0.010) (0.009) (0.009)   (0.018) (0.018) (0.015) (0.015)   

agriculture & veterinary 0.067*** 0.067*** 0.004 0.025*** 0.159*** 0.156*** 0.067*** 0.085***
(0.009) (0.009) (0.008) (0.008)   (0.011) (0.011) (0.010) (0.010)   

health 0.578*** 0.572*** 0.396*** 0.399*** 0.377*** 0.362*** 0.273*** 0.280***
(0.010) (0.010) (0.013) (0.013)   (0.008) (0.008) (0.010) (0.009)   

year 2009

year 2010 -0.009 -0.008 -0.011* -0.005   -0.000 0.001 0.002 0.006   
(0.007) (0.007) (0.006) (0.006)   (0.008) (0.008) (0.007) (0.007)   

year 2011 0.031*** 0.033*** 0.037*** 0.045*** 0.032*** 0.031*** 0.045*** 0.052***
(0.007) (0.007) (0.006) (0.006)   (0.008) (0.008) (0.007) (0.007)   

year 2012 0.056*** 0.056*** 0.058*** 0.064*** 0.069*** 0.066*** 0.083*** 0.087***
(0.007) (0.007) (0.006) (0.006)   (0.008) (0.008) (0.007) (0.007)   

year 2013 0.068*** 0.069*** 0.075*** 0.082*** 0.084*** 0.082*** 0.082*** 0.086***
(0.007) (0.007) (0.006) (0.006)   (0.008) (0.008) (0.007) (0.007)   

year 2014 0.079*** 0.030*** 0.075*** 0.085*** 0.074*** 0.025*** 0.057*** 0.065***
(0.007) (0.007) (0.006) (0.006)   (0.008) (0.008) (0.007) (0.007)   

(pot.) previous experience 0.022*** 0.019*** 0.018*** 0.017*** 0.028*** 0.025*** 0.019*** 0.018***
(0.001) (0.001) (0.001) (0.001)   (0.001) (0.001) (0.001) (0.001)   

(pot.) previous experience squared -0.000*** -0.000*** -0.000*** -0.000*** -0.001*** -0.001*** -0.001*** -0.001***
(0.000) (0.000) (0.000) (0.000)   (0.000) (0.000) (0.000) (0.000)   

job tenure 0.058*** 0.054*** 0.037*** 0.038*** 0.064*** 0.060*** 0.046*** 0.047***
(0.001) (0.001) (0.001) (0.001)   (0.001) (0.001) (0.001) (0.001)   

job tenure squared -0.001*** -0.001*** -0.001*** -0.001*** -0.001*** -0.001*** -0.001*** -0.001***
(0.000) (0.000) (0.000) (0.000)   (0.000) (0.000) (0.000) (0.000)   

adjusted R-squared 0.267 0.287 0.484 0.500   0.310 0.333 0.482 0.502   
number of observations 65006 65006 65006 65006   39435 39435 39435 39435   

MALES FEMALES

reference category reference category

reference category reference category
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Table A2 (continued): Complete OLS Estimates 

 
Note: robust standard errors in parenthesis, *** significant at 1%, ** significant at 5%, *** significant at 10%. 

 

 

 

 

 

(1) (2) (4) (5) (1) (2) (4) (5)

single

married 0.132*** 0.108*** 0.124*** 0.084*** 0.067*** 0.080***
(0.006) (0.005) (0.005)   (0.006) (0.005) (0.005)   

other marital status 0.063*** 0.046*** 0.056*** 0.080*** 0.077*** 0.086***
(0.018) (0.015) (0.015)   (0.012) (0.010) (0.010)   

number of children -0.060*** -0.035*** -0.034*** -0.070*** -0.054*** -0.054***
(0.002) (0.002) (0.002)   (0.002) (0.002) (0.002)   

firm size 0.001*** 0.001*** 0.001*** 0.001***
(0.000) (0.000)   (0.000) (0.000)   

firm size squared -0.000*** -0.000*** -0.000*** -0.000***
(0.000) (0.000)   (0.000) (0.000)   

legislators, senior officials and managers 0.108*** 0.099*** 0.161*** 0.149***
(0.005) (0.005)   (0.011) (0.010)   

professionals

technicians and associate professionals -0.271*** -0.267*** -0.235*** -0.228***
(0.006) (0.005)   (0.007) (0.007)   

clerks -0.392*** -0.379*** -0.359*** -0.343***
(0.005) (0.005)   (0.007) (0.007)   

service workers, shop and market sales -0.355*** -0.349*** -0.367*** -0.346***
(0.006) (0.006)   (0.014) (0.013)   

craft and related workers -0.535*** -0.511*** -0.476*** -0.470***
(0.011) (0.011)   (0.032) (0.031)   

other blue-collar occupations -0.636*** -0.605*** -0.663*** -0.616***
(0.010) (0.010)   (0.020) (0.020)   

agriculture, forestry, fishing and mining -0.189*** -0.161*** -0.164*** -0.132***
(0.017) (0.017)   (0.036) (0.036)   

manufacturing -0.271*** -0.280*** -0.294*** -0.300***
(0.007) (0.007)   (0.011) (0.011)   

electricity, gas, steam and air conditioning -0.135*** -0.149*** -0.141*** -0.135***
(0.013) (0.013)   (0.033) (0.032)   

construction -0.213*** -0.249*** -0.272*** -0.300***
(0.012) (0.012)   (0.021) (0.021)   

wholesale and retail trade; repairment -0.399*** -0.422*** -0.434*** -0.450***
(0.009) (0.009)   (0.012) (0.012)   

transportation and storage -0.040*** -0.078*** -0.041** -0.079***
(0.013) (0.013)   (0.018) (0.018)   

information and communication -0.050*** -0.104*** -0.162*** -0.211***
(0.015) (0.014)   (0.021) (0.020)   

financial, insurance and real estate activities 0.148*** 0.110*** 0.062*** 0.026***
(0.010) (0.010)   (0.010) (0.010)   

professional, scientific and technical activities -0.223*** -0.269*** -0.245*** -0.288***
(0.012) (0.012)   (0.014) (0.013)   

public administration and defence

education -0.190*** -0.188*** -0.208*** -0.209***
(0.005) (0.005)   (0.007) (0.007)   

human health and social work activities -0.108*** -0.103*** -0.221*** -0.218***
(0.010) (0.010)   (0.008) (0.008)   

other service activities -0.375*** -0.382*** -0.377*** -0.384***
(0.007) (0.007)   (0.011) (0.011)   

nuts2 regions no no no yes no no no yes
adjusted R-squared 0.267 0.287 0.484 0.500   0.310 0.333 0.482 0.502   
number of observations 65006 65006 65006 65006   39435 39435 39435 39435   

reference category reference category

reference categoryreference category

reference category reference category

MALES FEMALES
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Table A3: Selected OLS Estimates by Age Groups (Males Only) 

 
Note: robust standard errors in parenthesis, *** significant at 1%, ** significant 

at 5%, *** significant at 10%. All regressions contain controls for wave, 

previous potential experience (quadratic current job tenure (quadratic), dummies 

for marital status, number of children, dummies for occupation and sector, 

quadratic firm size and dummies for nuts2 regions. 

 

 

 

 

 

 

 

 

23-30 31-40 41-65
education 0.183*** 0.081*** 0.001   

(0.013) (0.012) (0.015)   

arts -0.107*** -0.045** 0.001   
(0.018) (0.021) (0.025)   

humanities 0.019 0.052*** 0.025   
(0.018) (0.016) (0.020)   

business & management

law 0.248*** 0.234*** 0.344***
(0.025) (0.032) (0.047)   

personal services -0.022 -0.008 -0.014   
(0.022) (0.023) (0.019)   

social sciences and services (others) 0.081*** 0.052*** 0.030** 
(0.014) (0.014) (0.015)   

hard sciences 0.063*** 0.087*** 0.064***
(0.019) (0.016) (0.018)   

maths & statistics 0.085*** 0.148*** 0.008   
(0.026) (0.028) (0.033)   

computing -0.011 0.151*** 0.239***
(0.027) (0.047) (0.066)   

engineering 0.249*** 0.205*** 0.173***
(0.023) (0.028) (0.032)   

manufacturing -0.018 0.050* 0.070*  
(0.022) (0.027) (0.037)   

architecture 0.046** 0.120*** 0.103***
(0.022) (0.024) (0.028)   

agriculture & veterinary 0.087*** 0.087*** 0.064***
(0.021) (0.015) (0.019)   

health 0.346*** 0.265*** 0.198***
(0.018) (0.014) (0.019)   

basic controls yes yes yes
family characteristics yes yes yes
job characteristics yes yes yes
sector dummies yes yes yes
nuts2 regions dummies yes yes yes
adjusted R-squared 0.489 0.423 0.304   
number of observations 14623 15777 9035   

age groups

reference category
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Table A4: Detailed Oaxaca-Blinder Decomposition (Males Only) 

 
Note: t-statistics based on robust standard errors. The results are obtained from the twofold decomposition (computed at 

each quantile of the RIF), based on the pooled estimation with the corresponding field of study dummies. All 

regressions contain controls for wave, previous potential experience (quadratic current job tenure (quadratic), dummies 

for marital status, number of children, dummies for occupation and sector, quadratic firm size and dummies for nuts2 

regions. 
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%  wage difference 0.062 -0.180 0.012 0.059 -0.108 0.490 0.060 0.038 -0.178 -0.180 -0.246 -0.008 0.025 0.597 -0.178

explained 0.066 -0.098 0.032 0.062 -0.051 0.225 0.056 0.081 -0.165 -0.200 -0.196 -0.005 0.049 0.228 -0.158

wave -0.003 -0.003 -0.001 -0.001 0.003 0.002 0.002 0.000 0.004 0.002 -0.001 -0.002 -0.002 -0.001 -0.003
work experience 0.011 -0.032 0.060 0.042 -0.009 0.029 -0.002 -0.013 -0.123 -0.054 -0.051 -0.010 0.022 0.037 0.009
family characteristics 0.008 -0.006 0.007 0.003 -0.003 0.004 -0.003 0.005 -0.023 -0.009 -0.006 -0.003 0.003 0.008 -0.004
firm size -0.038 0.004 -0.043 0.001 0.008 0.023 0.009 -0.011 0.011 0.028 0.007 0.007 -0.002 0.036 0.003
occupation 0.148 -0.020 0.113 -0.030 -0.101 0.084 0.072 0.102 -0.030 -0.105 -0.057 -0.002 0.025 0.099 -0.135
sector -0.042 -0.061 -0.093 0.039 0.042 0.078 -0.026 -0.006 -0.040 -0.070 -0.080 0.000 0.025 0.055 -0.025
nuts2 region -0.017 0.020 -0.011 0.007 0.009 0.006 0.003 0.005 0.036 0.006 -0.007 0.006 -0.020 -0.006 -0.003

unexplained -0.004 -0.082 -0.020 -0.002 -0.056 0.265 0.004 -0.044 -0.014 0.021 -0.050 -0.003 -0.025 0.369 -0.020

wave 0.000 0.002 0.001 0.000 0.000 -0.001 0.003 0.000 -0.003 -0.001 0.000 0.000 0.001 0.001 0.002
work experience -0.145 0.040 -0.072 -0.079 0.004 -0.043 0.034 0.038 0.106 0.116 0.066 -0.053 -0.044 0.031 -0.060
family characteristics -0.012 -0.113 0.019 0.007 -0.008 0.098 -0.022 -0.072 0.025 0.021 0.067 0.005 0.056 0.005 -0.041
firm size -0.038 -0.014 -0.001 0.020 0.020 -0.003 0.037 0.013 0.003 0.022 -0.011 -0.008 -0.025 -0.115 -0.002
occupation -0.110 -0.052 -0.059 -0.028 -0.029 0.192 -0.036 0.066 -0.016 0.016 0.005 0.007 -0.044 0.118 -0.003
sector 0.110 0.011 0.063 -0.008 0.028 0.175 -0.007 -0.108 0.014 0.031 0.041 0.012 0.093 0.127 0.048
nuts2 region -0.010 -0.005 -0.002 0.002 0.003 0.000 -0.018 -0.025 0.097 0.040 0.005 0.004 -0.001 -0.018 0.013
constant 0.201 0.050 0.031 0.084 -0.075 -0.153 0.012 0.045 -0.241 -0.224 -0.223 0.030 -0.061 0.220 0.023


